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Introduction
There is a sizable body of literature examining low paid employment with a focus on statedependence of low pay -that is, whether and to what extent current low paid employment increases the probability of remaining in low pay in the future (see for instance, Sloane and Theodossiou, 1996; Stewart and Swaffield 1999; Cappellari 2002 Cappellari , 2007 Cappellari and Jenkins 2008; Clarke and Kanellopoulos 2013; and Fok et al. 2015) . The interest in state-dependence of low pay arises from a concern that with increasing earnings inequality, if there is statedependence of low pay (i.e. low pay is persistent), life-time earnings inequality will increase as well. Indeed, state-dependence of low pay has been found in a number of studies (among them, Stewart and Swaffield 1999; Cappellari 2002; Clarke and Kanellopoulos 2013; and Fok et al. 2015) even after individual heterogeneity is controlled for.
However, there is another form of state-dependence of low pay to which earlier studies have paid little attention -that is the effect of current low pay on influencing the probability of moving to higher pay in the future. We will refer to this form of state-dependence of low pay as a stepping stone effect of low pay. To be consistent with the earlier literature, we will continue to use the term state-dependence to refer to the first type of state-dependence of low pay (i.e. its persistence). Answers to the question whether and to what extent low paid employment has a stepping stone effect are particularly relevant to policy makers. From a welfare policy perspective, if low pay employment acts as a stepping stone to higher pay, welfare reforms that promote employment, even it is low paid, such as the work-first approach to welfare recipients, have a good chance of improving the financial well-being of welfare recipients over time and are therefore justified. This study extends the literature by estimating a dynamic multinomial logit model to examine both state-dependence and stepping stone effects of low pay.
It appears that there are only two studies that take a similar modelling approach to the analysis contained in this paper, namely Uhlendorff (2006) and Fok et al. (2015) . Using the German Socio-Economic Panel Study (SOEP) waves 1998 to 2003, Uhlendorff (2006) examines low pay dynamics of German men and finds that while there exists genuine state-dependence of low pay as well as in non-employment, there is also evidence of a stepping stone effect of low pay as compared with non-employment. However, unlike Uhlendorff (2006) who treats unemployment and not in the labour force (NILF) as one labour force state (i.e., non-employment), our current study models the two non-employment states separately. The distinction between NILF and unemployment is particularly important in estimating the stepping stone effect of low pay since the stepping stone effect may differ, depending on whether low paid employment is compared with NILF or with unemployment. Fok et al. (2015) examine the dynamics of low paid employment in Australia, using the Household, Income and Labour Dynamics in Australia (HILDA) Survey. Both state dependent and stepping stone effects of low pay are found in that study and they also find there is heterogeneity in these effects between different groups of workers. Although that study uses an extended definition of unemployment to include those who are marginally attached to the labour market in the analysis, it excludes those who are not in the labour force and not marginally attached to the labour market and those who are self-employed, which may lead to sample selection bias in their estimation.
In a dynamic probit model framework and using the German SOEP, Knabe and Plum (2013) examine the stepping stone effect of low pay relative to unemployment by including both lagged unemployment and lagged low pay as the explanatory variables. They find that low pay can act as a stepping stone to better paid employment, particularly for those who do not have a college degree, who have been unemployed more often in the past and whose low paid job carries relatively high social status. While the model takes into account potential endogeneity of initial low pay, initial unemployment is assumed to be exogenous. Given their estimation results show that initial low pay is not in fact exogenous, it is likely that initial unemployment is endogenous.
Consequently, the estimates of their model are likely to be biased.
A related theme of research on low pay dynamics examines whether low paid employment and unemployment are inter-related. This question arises due to the concern that low paid workers may cycle between low pay and unemployment (or non-employment) with little hope of moving up the labour market ladder. For example, descriptive analyses tend to show that low paid workers are more likely than higher paid workers to move into joblessness in the future (e.g. Stewart and Swaffield, 1999; Cappellari and Jenkins, 2008) . This study will examine this issue as well. Cappellari and Jenkins (2008) find that for the UK men, low pay experience has only a modest effect on the probability of experiencing unemployment in the future when individual heterogeneity is accounted for. This result is similar to that found in Buddelmeyer et al. (2010) for Australian workers, but different from Stewart (2007) for Britain who concludes that low wage employment has almost as large an adverse impact as unemployment on future employment prospects and that low wage jobs act as the main conduit for repeated unemployment. Uhlendorff (2006) finds that for German men those on low pay have a higher probability of becoming jobless than those on higher pay, although the difference is not statistically significant. For Australia Fok et al. (2015) conclude that low paid employment increases the probability of unemployment relative to higher paid employment. As detailed later, this conclusion could be due to incorrect inference.
The contribution of this study is several fold. First, all earlier studies examining low paid employment have excluded those who are self-employed for the reason that it is difficult to define their low (or higher) pay status. This convenience comes with a cost -the choice of selfemployment is unlikely to be independent of the potential earnings of being an employee. As such, omitting those who are self-employed from the analysis could lead to sample selection bias and consequently incorrect inferences. For this reason this study includes self-employment as a separate labour market state in estimating state-dependence and stepping stone effects of low pay. Second, this is the first study that uses a random effects dynamic multinomial logit model to examine the low pay dynamics in Britain. Early studies on low pay dynamics in the UK use a binary dependent variable -low pay or not. Third, unlike most of the earlier studies that tend to exclude females from their analyses, this current study examines low pay dynamics of both males and females. Fourth, in a multinominal logit modelling framework inferences on statedependence, stepping stone effects and the low pay -no pay cycle need to be based on the marginal effects of the lagged dependent variables on the probability of being each of the labour market states modelled. Calculating the marginal effects under this modelling framework is not straightforward particularly in the presence of unobserved heterogeneity. Further, it is difficult to calculate the standard errors of the marginal effects in this type of models. To facilitate inferences, in this study we attempt to address these challenges. Fifth, we examine whether and to what extent the introduction of the national minimum wage (NMW) has affected the dynamics of low paid employment. This issue has not been investigated in earlier studies.
The results from the current study show that both state-dependence and stepping stone effects of low pay are present among British workers after observed and unobserved individual heterogeneity is accounted for. The results also show that, other things being equal, people who are on low pay are more likely to be in employment in the future than those who are either unemployed or NILF. On the other hand, people on low pay do not appear to be more likely to become jobless in the future than those on higher pay. In other words, the evidence provided in this study does not support a low pay-no pay cycle among British workers. The introduction of the NMW does not appear to have affected state-dependence and stepping stone effects of low pay.
Estimation strategy

Econometric model
The key question in this study is whether, and to what extent, current labour force/earnings status, particularly that of low pay, affects future labour force/earnings status. To answer this question, we need to model the transitions of the labour force/earnings states -NILF, unemployment, self-employment, low pay and higher pay -over time. Self-employment is included as a separate state to address any potential sample selection bias.
The five labour force/earnings states do not have a natural order from an individual perspective.
One statistical model that is often used to model labour market outcomes that do not have a natural order is the multinomial logit model. Under this modelling framework, at a point of time t, an individual i occupies one of the five mutually exclusive labour force/earnings states: NILF, unemployment, self-employment, low pay and higher pay (denoted by k =1,2,3,4 and 5). The probability of individual i occupying a state k at time t (i.e., Pi,k,t) is assumed to be determined by the individual's previous labour force/earnings status and a vector of other observed and unobserved individual characteristics, The inclusion of unobserved individual heterogeneity in the model, and the fact that the data do not provide information on individuals from the beginning of their working life, imply that the initial labour force/earnings status observed in the data (i.e., , ) is unlikely to be random and exogenous. This causes the initial condition problem for the dynamic model as specified in equation (1) conditional on the initial value of the dependent variable ( , and other exogenous explanatory variables. This study adopts the Wooldridge approach since it is easier to implement than the Heckman approach. In addition, to relax the assumption in a typical random effects model that the observed explanatory variables and unobserved individual heterogeneity are independent, we take the Mundlak (1978) approach to specify 2
(2)
, , j=1,2,3,4,5, where ̅ is a (row) vector containing the means (over time) of the exogenous variables ( , ). , is typically a subset of the time varying variables in , . , , , , , , , and , represent the random effects independent of any observed explanatory variables and are assumed to follow a multivariate normal distribution with mean zero and a covariance matrix Σ . The parameters in Σ are to be estimated along with all the coefficient parameters in the model Θ , , , ; 1,2,3,4,5).
For model identification purposes, one set of the coefficient parameters and one random effect associated with a particular labour force/earnings state choice have to be normalised to zero. We normalise the set of the parameters and the random effects associated with NILF to zero. 3 1 This IIA assumption states that the odds of any two alternatives do not depend on the inclusion or exclusion of other alternatives. In our case, this is equivalent to assuming that the relative probabilities of being unemployed and taking a low pay job do not change if NILF is included as an additional choice. This obviously cannot be true. 2 In the multinomial logit model framework it is infeasible to estimate a fixed effects model. On the other hand, the assumption that unobserved heterogeneity is independent of all observed variables in a random effects model is often too strong. The unobserved heterogeneity specified in equation (2) is a compromise between fixed effects and random effects models. 3 That is α β γ θ λ ν ., 0.
Model estimation strategy
The probability of observing individual i to take a sequence of labour force/earnings states over the time period from t=1 to T, conditional on the random effects , ; 2,3,4,5 , can be written as
where , , 1, if labour force/earnings state k is taken by individual i, and , 0 otherwise.
The unconditional probability can then be written as,
where , , , is the joint distribution function of the random effects , , and .
The four-dimensional integral is evaluated using simulation methods, with , , , assumed to be normal with mean zero and a covariance matrix Σ ,
where R is the number of random draws from the distribution of , , , ; , , and are the r th random draws from their joint distribution. We use a Halton sequence to generate 50 draws to simulate the likelihood function. It has been shown that Halton sequence draws perform much better than simple random draws in terms of approximating the objective function (Train 2003) . Further, Train (2000) and Bhat (2001) have shown that for mixed logit models, the estimation results are more precise with 100 Halton draws than with 1,000 random draws. As a compromise between computation time and result accuracy, this study uses 50 Halton sequence draws. Haan and Uhlendorff (2006) have shown that for random effects multinominal logit models, 50 Halton sequence draws perform well.
The likelihood function of a sample with N individuals is the product of equation (5) for k=1, 2, 3, 5. This is the difference between the probability of remaining in low pay and the probability of transitioning into low pay from another labour force/earnings state.
In the earlier studies that define low pay as a binary dependent variable, state-dependence of low pay is estimated as the difference between the probability of remaining in low pay and the probability of transitioning into low pay from higher pay. In our multiple-state modelling framework, the estimate of state-dependence of low pay is not unique -it varies depending on the comparative labour force/earnings state, as shown in equation (6).
Following the same strategy of estimating the model, the conditioning on unobserved heterogeneity can be integrated out through simulation by repeatedly drawing from the estimated distribution of to estimate unconditional state-dependence of low pay as ∑ .
As discussed earlier, stepping stone effects of low pay refer to the higher probability of transitioning into higher pay from low pay than from non-employment. Therefore, the stepping stone effect of low pay can be estimated by the difference between the probability of transitioning into higher pay from low pay and the probability of transitioning into higher pay from unemployment or from NILF. For an individual i with characteristics Ci=(Xi, Zi), conditional on unobserved heterogeneity , the stepping stone effect can be computed as,
Pr , 5 , 4; Θ , , , Pr , 5 , ; Θ , , , ,
where k=0 or 1. Unobserved heterogeneity is integrated out in the same way as in estimating state-dependence of low pay, so that ∑ .
In the results section, the sample means of the estimated state-dependence and stepping stone effects are reported. That is, ∑ ; and ∑ . The BHPS contains detailed information on individual characteristics, labour market outcomes and activity. Information on labour force status and earnings is used to define the dependent variable, labour force/earnings status (i.e., NILF, unemployment, self-employment, low pay and higher pay). Classification of people into NILF and unemployment follows the conventional approach in labour economics: a person is unemployed if he or she does not have a job, but had looked for work in the past four weeks and is available for work; and those who are not employed and not actively seeking a job are classified as NILF.
Data and model specification
Data source and low pay definition
However, there is not a consensus on how to define low pay (and consequently its counterpart, higher pay). First, there is the issue whether monthly earnings or hourly earnings should be used to define low pay. The BHPS provides information on monthly earnings. However, using monthly earnings to define low pay is problematic for those who work part-time -they are likely to be classified as on low pay, simply because they work fewer hours and the low hours worked are out of their own choice. To avoid this problem, in this study hourly earnings are used to define low pay status and hourly earnings are derived by using monthly earnings and weekly hours worked. 5
Another issue in defining low pay is where to set the low pay threshold, the hourly earnings level 9 below which workers can be classified as on low pay. Different thresholds have been used in the literature. This study uses two thirds of the median hourly earnings, which appears to be the most popular definition for low pay (Cappellari and Jenkins 2008; Buddelmeyer et al. 2010) . This low pay threshold is defined separately for each wave using hourly earnings of employees aged 18
year and over and is shown in Table 1 , together with the proportion of employees classified to be low paid based on this threshold. The table also shows hourly national minimum wages for adult employees (NMW) from 1999 when the NMW was first introduced. The two-thirds median earnings low pay threshold is about 12 to 30 per cent higher than the NMW for the relevant years.
The sample used in this study includes individuals aged between 18 and 64 years (inclusive) for males and 18 and 60 (inclusive) for females. As hinted at earlier, self-employed persons are included in the sample, but following convention, full-time students in the age range are excluded. Observations with missing dependent and independent variables are also excluded for a self-explanatory reason. The first wave when an individual entered the BHPS is used to define the initial labour force/earnings status and thus excluded from the sample for model estimation.
Since panel data models require at least two observations for each individual for identification purposes, those individuals with only one observation are excluded from the sample.
It is well established in the literature that males and females behave differently in the labour market. This study therefore models males and females separately. The male sample has 64,939 observations, representing 9,073 individuals; the female sample has 71,535 observations, representing 9,679 individuals. Summary statistics of the sample are presented in Appendix Table A1 . Relatively to higher paid workers, low paid workers tend to be young, low educated, and have a disability.
The sample is an unbalanced panel and naturally there would be a concern over the potential impact of panel attrition on the estimation results. In a similar modelling framework to the current study Uhlendorff (2006) shows that panel attrition can be treated as exogenous with respect to low pay and non-employment dynamics of German workers. In addition, Cappellari and Jenkins (2008) show that panel attrition is not a concern in modelling low pay transitions of the UK workers, where low pay is defined as a binary variable.
To examine further the potential impact of ignoring panel attrition on the results, we
experimented by estimating a model that took the variable-addition approach to testing attrition bias, by including a variable that indicates whether attrition has occurred in the following wave as an additional explanatory variable. Such an approach was initially suggested by Verbeek and Nijman (1992) and recently applied to the HILDA data in Wooden and Li (2014) . The last nonattrition wave available (i.e., wave 18 in our case) is lost in estimating such a model since for the last non-attrition wave the attrition indicator is not defined. The coefficient estimates show that for males none of the four coefficients on the attrition indicator in the four equations is statistically significant; for females only the coefficients on the attrition indicator in the unemployment and self-employment equations are significant. However, in terms of the estimates on state-dependence and stepping stone effects of low pay, the results are very similar between the two models with and without the attrition indicator (see Appendix Table A3 ).
All the above evidence suggests that ignoring panel attrition should not lead to a significant bias of the estimation results. Consequently, the paper reports the results from the model that uses all the 18 waves of data available, without accounting for panel attrition. Table 2 presents the year-on-year transitions of labour force/earning status by pooling all the waves (i.e. including wave 1). There is some indication of a stepping stone effect of low pay relative to either unemployment, NILF or self-employment, since for both males and females, those who are on low pay have a higher probability of transitioning into higher pay in the following year than those who are either unemployed, NILF or self-employed. On the other hand, there is also an indication of state-dependence of low pay since the table shows that those who are on low pay tend to have a higher probability of being in low pay in the following year than those who are not on low pay.
Transitions of labour force/earnings status
However, we should not draw inferences on the stepping stone effect and/or state-dependence of low pay from this simple cross-tabulation, since these results may be driven by observed and/or unobserved differences in individual characteristics. For example, the summary statistics show that those who are on low pay are less likely to have a disability than those who are unemployed or NILF, and this may explain why those on low pay are more likely to move to higher pay than those who are not employed. In addition, it is also likely that those who are on low pay have better unobserved skills (e.g., ability) than those who are not employed and therefore are more likely to move to higher pay in the future. The model described earlier controls for the differences in both observed and unobserved individual characteristics and thus allows for more accurate inferences regarding the stepping stone effect and state-dependence of low pay employment.
Model specification
As discussed earlier, (one year) lagged labour force/earnings states are included in the model as explanatory variables to estimate the stepping stone effect and state-dependence of low pay employment. Labour force/earnings states at the time when they first entered the BHPS are also included to address the initial condition problem.
In addition to the lagged and initial labour force/earnings status variables, the following explanatory variables are included as control variables in the model: Furthermore, wave dummies are included to control for the effect of time; they may also capture the impacts of macroeconomic conditions and policy settings on labour force/earnings status. For the mean variables to account for correlated random effects, the means of the time-varying variables marital status, disability status and the number of children are included in the model.
Estimation results
The main results are shown in panel (b) of Table 2 . To facilitate discussion of the results, the mean predicted transition probabilities of the sample are presented in panel (a) of Table 2 . The coefficient estimates of the models can be found in Appendix Table A2 .
Stepping stone effects
The estimates for the stepping stone effects are shown in column V of panel (b) in Table 2 . As discussed earlier, they are the differences between the probability of transitioning into higher pay from low pay and the probability of transitioning into higher pay from unemployment and NILF.
The estimates indicate a statistically significant stepping stone effect of low paid employment for both males and females. For males, compared with those who are out of the labour force, those who are on low pay have an 11 percentage point higher probability of transitioning into higher pay in the following year. The stepping stone effect of low pay relative to unemployment is similar to that relative to NILF. The stepping stone effects of low pay for females appear to be lower than that for males. For females, the stepping stone effect of low pay relative to NILF is about 9 percentage points, slightly higher than the effect relative to unemployment (at 7.6 percentage points), but the difference is not statistically significant.
For German men, Uhlendorff (2006) estimates that those on low pay have a 5 to 6 percentage point higher probability of transitioning into higher pay in the following year compared with those who are not employed. Therefore, the stepping stone effects of low pay for UK workers appear to be larger than that for German workers.
In their main modelling results Fok et al. (2015) find that the stepping stone effects of low pay relative to unemployment in Australia is 4.4 percentage points for males and 11.3 percentage points for females. So the effect is smaller for males but larger for females in Fok et al. (2015) for Australia than in this current study for British employees.
Interestingly the results show that for both males and females, those on lay paid employment have a higher chance moving to a higher paid job than the self-employed if the latter were to become employees. This may suggest that the work experience of the self-employed may not be valued as much as that of an employee, even if she or he is low paid.
State-dependence
The estimates for state-dependence of low pay are shown in column IV of panel (b) in Table 2 .
The results show that relative to other labour force/earnings states, those who are on low pay have a higher probability of being on low pay in the following year, an indication of statedependence of low paid employment. For example, men who are on low pay have an 11 (or 9) percentage point higher probability of being on low pay in the following year, compared to men who are out of the labour force (or unemployed). Most previous studies infer state-dependence of low pay as compared to higher pay and focus on men. The results here show that, compared to men who are on higher pay, state-dependence of low pay is found to be just over 13 percentage points. This estimate is similar to that found in Clarke and Kanellopoulos (2009) for UK men (14 percentage points) and comparable to that found in Stewart and Swaffield (1999) , which ranges from 14 to 25 percentage points depending on the models and definitions of low pay.
The estimates of state-dependence of low pay for females are generally larger than for males, echoing the smaller stepping stone effects of low pay for females than for males.
However, the state-dependence estimates for low paid employment as compared to NILF and unemployment need to be interpreted with caution. This is because for those who are NILF or unemployed, their lower probability of transitioning into low pay relative to those who are on low pay is not because the former have a better chance of transitioning into higher pay than the latter, rather it is because the former have a higher probability of remaining not employed than the latter. For example, the estimates in columns I and II of panel (b) in Table 2 indicate As a result, those who are on low pay have a higher probability of remaining employed in the following year than those who are either unemployed or NILF. If, from a society's perspective, employment, even low paid, is a more desirable outcome than non-employment (e.g., due to lower welfare spending and higher tax revenue), low pay employment is preferable to nonemployment for its impact on future employment.
Does low pay lead to joblessness?
As discussed earlier, empirical evidence on the low pay -no pay cycle has so far been mixed in the literature. What can we learn from our estimates on this issue? Column II of panel (b) in Table 2 shows the difference between the probability of transitioning to unemployment from low pay and the probability of transitioning to unemployment from other labour force/earnings states.
The results indicate that those who are on low pay have a slightly higher probability of transitioning to unemployment than those who are on higher pay for both males and females.
However, these transition probability differences are very small in magnitude (i.e., around 0.4 percentage points) and statistically insignificant, indicating that those who are on low pay are roughly equally likely to transition into unemployment as those who are on higher pay, a result consistent with that of Buddelmeyer et al. (2010) for Australia. Furthermore, the results in column I of panel (b) in Table 2 indicate that for males, those who are on low pay are more or less equally likely to transition into NILF as those who are on higher pay; while females on low pay are less likely to transition into NILF than females on higher pay. Therefore, overall the results here do not appear to support a low pay -no pay cycle after observed and unobserved heterogeneity is accounted for.
How do we reconcile this result with those in Fok et al. (2015) ? First, this study is for Britain and the labour market institutions are different between Britain and Australia, so that we should not 
The impacts of the NMWs on low pay dynamics
The British Government introduced the NMW in April 1999. A large volume of research has been devoted to assess the impacts of the NMW on various labour market outcomes, but there does not seem to have been any research on the impacts of the NMW on low pay dynamics. 6 We examine this issue by estimating the model separately for the periods before (1991-98) and after (1999) (2000) (2001) (2002) (2003) (2004) (2005) (2006) (2007) (2008) the introduction of the NMW to see whether state dependence and stepping stone effects of low pay have changed between the two periods. Since the NMW only applied to adult employees aged 22 years and above, we excluded those aged under 22 year from the sample for the analysis in this section.
It is not straightforward to expect a priori how the introduction of the NMW affects statedependence and stepping stone effects of low pay between the two periods. On one hand, the introduction of the NMW might mean the average skill level of low paid workers becomes higher if NMWs price the lowest skilled workers out of employment. This may in turn means that the introduction of the NMW reduces state-dependence but increases the stepping stone effects of low paid employment. On the other hand, if the NMWs are set at a relatively low level and have therefore little impact on employment, then the introduction of the NMW should not have much an impact on low pay dynamics.
The empirical results are shown in Table 4 . For both males and females the stepping stone effects of low pay, relative to both NILF and unemployment, appear to be larger in the first period than in the second one, but the differences between the two periods are not statistically significant. On the other hand, state-dependence of low pay relative to other labour market states appears to be larger in the second than in the first period for both genders, but again the differences are statistically insignificant between the two periods. Therefore, overall the introduction of the NMW does not seem to have affected the dynamics of low paid employment in terms of its state-dependence and stepping stone effects.
Conclusions
Using the 18 wave BHPS survey, this study examined whether and to what extent low pay is genuinely persistent (i.e., state-dependence of low pay), and whether and to what extent low pay leads to higher pay (i.e., stepping stone effects of low pay). To this end, a dynamic random effects multinomial logit model was estimated separately for males and females in Britain to account for observed and unobserved individual heterogeneity, and state-dependence and stepping stone effects of low pay were then computed from the estimated models.
The results show that both state-dependence and stepping stone effects of low pay are present after observed and unobserved individual heterogeneity is accounted for. That is, other things being equal, those employees who are on low pay are more likely to be found on low pay in the future, compared with those who are not in the labour force, unemployed or on higher pay. On the other hand, other things being equal, those who are on low pay are more likely to move into higher pay in the future than those who are either not in the labour force or unemployed.
While there is evidence on state-dependence of low paid employment, people who are on low pay are found to be more likely to be in employment in the future than those who are either unemployed or not in the labour force. In addition, those who are on low pay do not appear to be more likely to move out of employment than those who are on higher pay. These results suggest that there is not a low pay -no pay cycle among British workers, once observed and unobserved individual heterogeneity is accounted for.
The findings that low pay acts as a stepping stone to higher pay and does not lead to nonemployment provide supportive evidence for the work-first approach in welfare reforms and also suggest that minimum wages should be set at an appropriate level that promotes employment, even if the jobs created are low paid. This in turn suggests that the new Living Wage being introduced by the British Government at a level above the minimum wage may be unhelpful if it leads to a loss of employment for marginal groups of workers.
Consistent with many other studies that find the introduction the national minimum wage has little impact on employment, this study finds the introduction of the national minimum wage has little impact on state-dependence and stepping stone effects of low pay.
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